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Research on Data Stream Mining and Its Availability to Continuous Audit
GU Rui-jun,CHEN Sheng-lei

Abstract ; With the development of enterprise informatization and the popularity of the Internet, massive real-time

data are being produced every day. Data stream mining provides one novel approach to analyzing massive real-time

data. In this paper the sate-of-art in this field is presented, and its availability to continuous audit is discussed. Fi-

nally, based on data stream mining, one continuous audit model is proposed, which overcomes the disadvantages of

huge storage capacity requirements, long-time online analysis and the delayed finding of abnormal data.

Key words ; data stream mining; continuous audit; auditing model; clustering; classification; outlier detection



